
1254 

The Sky is the Limit: Maximize the Intention to 
Accept Artificial Intelligence-Enabled 

Transformations in the Airline Industry 
 

Zahir Osman 
Faculty of Business Management, Open University Malaysia 

Corresponding Author Email: zahir_osman@oum.edu.my 

Abstract 
This study examines the crucial role of leadership, organizational culture, and peer influence 
in enhancing employee acceptance of artificial intelligence (AI)- enabled transformation 
within the airline industry. Acceptance of AI is vital for airlines seeking to leverage 
technological advancements to improve operational efficiency and customer satisfaction. The 
study explores how transformational leadership, with a supportive organizational culture and 
effective peer influence, affects employees' intention to embrace AI transformations 
mediated by self-efficacy. Data was collected through survey questionnaires distributed to 
employees of Malaysian airline companies, resulting in 399 valid responses for analysis. 
Partial Least Squares Structural Equation Modeling (PLS-SEM) was employed for data analysis, 
using 5,000 sub-samples to test the significance of the hypothesized relationships. The results 
indicate that leadership style, organizational culture, and peer influence all positively impact 
self-efficacy, which in turn enhances the intention to accept AI transformations. Self-efficacy 
emerged as a significant mediator, emphasizing the need for strategies to boost employee 
confidence in handling AI technologies. Based on the findings, the study suggests that future 
research should focus on longitudinal analyses to observe the long-term effects of leadership 
and cultural practices on AI adoption. Additionally, exploring these dynamics in different 
geographical regions and sectors could provide broader insights into the factors influencing 
technology acceptance. The implications of this study are multifaceted, offering valuable 
guidance for airline companies aiming to implement AI technologies successfully. By fostering 
transformational leadership and a culture supportive of innovation, companies can enhance 
self-efficacy among employees, leading to greater acceptance and smoother integration of AI 
systems. These findings contribute significantly to the literature on technology acceptance in 
the airline industry and provide practical frameworks for companies to optimize their 
workforce's readiness for AI advancements. Ultimately, this approach can drive innovation 
and maintain competitiveness in a rapidly evolving sector. 
Keywords: Peer Influence, Organisational Culture, Leadership Styles, Self-Efficacy, Intention 
to Accept 
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Introduction 
Artificial intelligence (AI) continues revolutionizing the airline industry by enhancing various 
operational and customer service aspects. AI's integration into the airline sector is crucial 
because it can optimize processes, improve efficiency, and elevate the passenger experience. 
For instance, AI-driven predictive maintenance systems enable airlines to anticipate technical 
issues and perform timely interventions, reducing downtime and improving safety (Halawi et 
al., 2024). Additionally, AI helps personalize customer experiences through chatbots and 
recommendation systems, offering tailored services that enhance customer satisfaction 
(Cheriyan et al., 2022; Meyer-Waarden et al., 2020). Furthermore, AI's role in revenue 
management and pricing strategies is becoming increasingly significant (Kebah et al., 2019). 
By analyzing large datasets on passenger behavior, market conditions, and past pricing 
strategies, AI can assist airlines in dynamic pricing models to optimize ticket sales and 
maximize revenue (Ivanov et al., 2021). AI also contributes to air traffic management by 
improving flight scheduling, reducing delays, and optimizing fuel consumption, collectively 
contributing to more sustainable operations (Halawi et al., 2024). AI in the airline industry 
faces challenges and trends, including data privacy concerns, the need for large datasets to 
train complex algorithms, and the continuous evolution of technology demanding frequent 
updates and skill enhancements (Jain et al., 2024). The COVID-19 pandemic has accelerated 
the implementation of AI technologies, particularly in-service robots and contactless 
interactions, to mitigate health risks (Meidute-Kavaliauskiene et al., 2021). However, as AI 
adoption grows, there is increasing scrutiny over its ethical implications and regulatory 
frameworks (Kebah et al., 2019). AI's capacity to replace human jobs also raises societal and 
ethical concerns that need addressing (Kaur & Kaur, 2024). Despite advancements, research 
gaps persist in AI's comprehensive integration within the airline industry. Studies must focus 
on stakeholder perceptions, particularly employees, towards AI technology acceptance to 
ensure seamless transitions (Chi et al., 2022). Additionally, research exploring AI's long-term 
impact on workforce dynamics and job satisfaction remains limited. Geske et al. (2024) 
highlight that while AI can drive efficiency, assessing its economic impact on airline 
profitability and sustainability is still underexplored. The significance of researching AI in the 
airline industry extends to policymakers, airline companies, and academicians. Policymakers 
can leverage findings to develop robust frameworks that ensure ethical AI practices while 
promoting innovation (Jain et al., 2024). Airlines can utilize insights to strategically implement 
AI solutions that enhance operational efficiency and customer experience, thus gaining 
competitive advantages (Abd El Kafy et al., 2022). For academicians, identifying and 
addressing research gaps could foster new theories and applications of AI in aviation, 
providing insights into effective technology management and operational strategies (Ivanov 
et al., 2021). This study assesses the direct and indirect relationships between peer influence, 
organisational culture, leadership style, and the intention to accept artificial intelligence-
enabled transformation among airline employees with self-efficacy as a mediator. 
               
Literature Review 
Underpinning Theory 
Transformational Leadership Theory is a pivotal framework for understanding how leadership 
styles influence the acceptance of artificial intelligence (AI) transformations among airline 
employees. This theory posits that transformational leaders inspire and motivate their 
followers to exceed their self-interests for the sake of the organisation, often leading to a 
heightened commitment to change (Bass & Riggio, 2006). By fostering a supportive and 
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empowering environment, transformational leaders can significantly enhance employees’ 
self-efficacy, which is crucial for adopting new technologies, including AI solutions (Eisenbeiss 
et al., 2008). Furthermore, transformational leaders emphasise the importance of vision and 
innovation, creating a culture where employees feel valued and engaged. This cultural aspect 
is particularly vital as organisations face the challenges of technological advancements, such 
as AI integration (Northouse, 2018). Transformational leadership encourages employees to 
embrace new technologies and facilitates a collaborative atmosphere where peer influence 
can enhance acceptance. Employees who observe their leaders actively supporting AI 
initiatives are likelier to develop a positive attitude toward such changes. Transformational 
Leadership Theory provides a comprehensive lens to examine the dynamics between 
leadership, self-efficacy, organisational culture, and technology acceptance, making it a 
suitable underpinning theory for studying the impact of leadership on airline employees' 
intentions to accept AI transformations. 
 
Relationship between Leadership Style, Self-Efficacy, & Intention to Accept 
The relationship between leadership style and the intention to accept technology 
transformation is significantly influenced by self-efficacy, a crucial mediating factor. 
Transformational leadership, in particular, enhances employees' self-efficacy by fostering a 
supportive environment that encourages innovative thinking and adaptability (Bayraktar & 
Jiménez, 2020). Leaders who exhibit digital transformational traits can enhance their team's 
creative self-efficacy, ultimately motivating employees to embrace technological changes 
(Susanti & Ardi, 2022). Moreover, a positive leadership approach, such as e-leadership, 
enhances employees' technological self-efficacy and influences their attitudes toward using 
new technologies (Purnomo et al., 2023). This acceptance is further amplified when leaders 
model supportive behaviours that promote a culture of innovation, as seen in servant and 
authentic leadership styles, which drive employees' innovative work behaviour (Gelaidan et 
al., 2024). Additionally, adaptive leadership facilitates a learning organisational environment 
that bolsters change self-efficacy, empowering employees to navigate and accept necessary 
transformations effectively (Chughtai et al., 2023). Thus, effective leadership styles enhance 
self-efficacy, enabling employees to engage positively with technology transformations and 
significantly impact their intention to accept new technological initiatives (Li et al., 2020). 
Therefore, the following hypotheses were proposed for this study: 
 
 H1:  There is a relationship between leadership style and the intention to accept 
                      artificial intelligence among airline employees. 

H2: There is a relationship between leadership style and self-efficacy among airline 
       employees. 
H3: There is a mediating effect of self-efficacy on the relationship between leadership   
       style and the intention to accept artificial intelligence among airline employees. 

 
Relationship between Organizational Culture, Self-Efficacy, & Intention to Accept 
Organisational culture plays a critical role in shaping employees' intention to accept 
technology transformation, with self-efficacy as a vital mediator in this relationship. A robust 
and innovation-oriented culture fosters an environment where employees feel supported and 
encouraged to engage with new technologies, enhancing their self-efficacy (Le et al., 2023). 
When employees perceive an organisational culture that values technological advancement 
and learning opportunities, their entrepreneurial self-efficacy is bolstered, motivating them 
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to embrace change and pursue innovative behaviours (Duong, 2023). Furthermore, 
integrating cultural capital and ICT skills within an organisation further amplifies this effect, 
as individuals with higher self-efficacy are more likely to develop positive attitudes toward 
technology use (Sreejith & Sreejith, 2023). Research has shown that teachers' technological 
pedagogical content knowledge (TPACK) influences their behavioural intention to utilise 
technology, highlighting the importance of self-efficacy and attitudes in facilitating 
acceptance (Bai et al., 2024). Additionally, proactive organisational cultures promote initiative 
and can link self-efficacy with entrepreneurial intentions, reinforcing that a supportive culture 
is essential for successful technology transformation initiatives (Naz et al., 2020). A positive 
organisational culture enhances self-efficacy, significantly influencing employees’ willingness 
to accept and engage with technological innovations (Osman et al., 2018). Thus, the following 
hypotheses were proposed for this study: 
 
 H4:  There is a relationship between organisational culture and the intention to accept 
                      artificial intelligence among airline employees. 

H5: There is a relationship between organisational culture and self-efficacy among 
       airline employees. 
H6: There is a mediating effect of self-efficacy on the relationship between  
       organisational culture and the intention to accept artificial intelligence among  
       airline employees. 

 
Relationship between Peer Influence, Self-Efficacy, & Intention to Accept 
The relationship between peer influence and the intention to accept new behaviours or 
technologies is significantly mediated by self-efficacy. Peer influence can be pivotal in shaping 
an individual's intentions by providing social support and modelling behaviours that facilitate 
adoption (Trivedi et al., 2022). For instance, when individuals observe their peers successfully 
adopting new technologies, their confidence in their ability to do the same, known as self-
efficacy, is often enhanced (Intaratat et al., 2024). Self-efficacy serves as a mediator by 
fostering a belief in one’s capability to perform a task or embrace a new practice, thereby 
strengthening the intention to accept (Zou et al., 2023). The supportive nature of peer 
interactions can provide reassurance and motivation, reducing apprehension and 
encouraging individuals to engage with novel experiences (Martínez et al., 2024). This 
dynamic is illustrated in educational settings, where the influence of peer groups combined 
with increased self-efficacy can significantly impact students' intentions to pursue 
entrepreneurial ventures (Nurjanah & Harsono, 2024). Furthermore, self-efficacy can help 
individuals evaluate the costs and benefits of adopting new behaviours, as seen in health-
related practices like adolescent e-cigarette use (Durkin et al., 2021). When individuals 
perceive high self-efficacy, they are more likely to persist in facing challenges, enhancing their 
likelihood of following through with intentions formed under peer influence. Hence, the 
following hypotheses were proposed for this study: 
 H7:  There is a relationship between peer influence and the intention to accept 
                      artificial intelligence among airline employees. 

H8: There is a relationship between peer influence and self-efficacy among 
       airline employees. 
H9:  There is a relationship between self-efficacy and the intention to accept 

                      artificial intelligence among airline employees. 
H10: There is a mediating effect of self-efficacy on the relationship between  
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         peer influence and the intention to accept artificial intelligence among  
          airline employees. 

 
Figure 1: Research Model 
Notes: PI=Peer Influence   OC=Organizational Culture   LS=Leadership Style 
SE=Self-Efficacy   INT=Intention to Accept              
 
Methodology 
The methodology of this study focused on employees from Malaysian airline companies. A 
causal-effect relationship study design was adopted, with airline employees serving as the 
unit of analysis. Data was collected using a survey questionnaire that included several 
measurement items: peer influence (5 items) from Stewart et al. (2007), organisational 
culture (5 items) from J. Andersson et al. (2011), and leadership style (4 items) from Madlock 
(2008). Self-efficacy, the mediating variable, was measured with five items from Kang et al. 
(2019), and the dependent variable, intention to accept, was assessed with four items from 
De Cannière et al. (2009). The study relied on primary data obtained through a non-probability 
purposive sampling method. Of 561 distributed questionnaires, 421 were returned, achieving 
a response rate of 75.1%. After ensuring the completeness and quality of the responses, 399 
were deemed suitable for further analysis. Structural Equation Modeling (SEM) was employed 
as the analytical method, utilising the Smartpls4 software. Smartpls4 was chosen for its 
capability to handle complex SEM models, as highlighted by (Ringle et al. 2022). 
 
Data Analysis 
Respondents Profile 
The analysis of the respondents' profiles revealed a balanced gender distribution among the 
airline employees surveyed, with males representing 48.9% (195 respondents) and females 
slightly more at 51.1% (204 respondents). The age demographics show that most respondents 
fall within the 41 to 50-year age bracket, comprising 38.3% (153 respondents) of the sample. 
This is followed by 29.3% (117 respondents) aged between 51 and 60. Younger participants, 
those under 30 years, account for 27.1% (108 respondents), while those over 60 are the least 
represented at 5.3% (21 respondents). Regarding educational attainment, a significant 
portion of the respondents have completed undergraduate studies, accounting for 79.2% 
(316 respondents), indicating a highly educated workforce. Those with postgraduate 
qualifications form 9.0% (36 respondents), while those with only secondary and primary 
education represent 7.3% (29 respondents) and 4.5% (18 respondents), respectively. Income 
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levels reflect a concentration in the middle-income bracket, with 57.4% (229 respondents) 
earning between RM4,851 and RM10,970, while 29.3% (117 respondents) of respondents 
earn below RM4,850, and 13.3% (53 respondents) earn above RM10,971. Lastly, a substantial 
proportion of respondents, 92.5% (369 respondents), are inclined to recommend artificial 
intelligence to their peers. In contrast, only 7.5% (30 respondents) would not make such a 
recommendation.  
 
Common Method Bias 
The full collinearity test conducted as per Kock (2015) and Kock & Lynn (2012) indicates the 
assessment of common method bias, where the variance inflation factors (VIFs) are examined 
for each latent variable: Intention (INT), Peer Influence (PI), Organizational Culture (OC), 
Leadership Style (LS), and Self-Efficacy (SE). All VIF values are below the threshold of 3.3, 
suggesting that the model does not suffer from significant standard method bias. Specifically, 
VIF values range from 1.283 to 2.034, demonstrating satisfactory levels of collinearity, which 
indicates that common method bias is unlikely to confound the study results. 
 
Table 1  
Full Collinearity Test 

 INT PI OC LS SE 

INT  2.007 1.953 1.895 1.628 
PI 1.965  1.500 1.948 1.942 
OC 1.986 1.558  2.033 2.034 
LS 1.283 1.347 1.354  1.372 
SE 1.410 1.719 1.733 1.755  

 
Measurement Model 
In this study, we followed the methodology suggested by Hair et al. (2017) to assess 
measurements at both the first and second-order levels. This approach allowed us to pinpoint 
items with loadings below the 0.7 threshold. Our analysis of construct reliability and validity 
showed that the Average Variance Extracted (AVE) for all constructs was between 0.560 and 
0.705, exceeding the 0.5 benchmark and indicating strong convergent validity (Hair et al., 
2017) (see Table 2). Furthermore, composite reliability values for all constructs were above 
0.7, ranging from 0.805 to 0.864. Cronbach's alpha values were also above 0.7, from 0.803 to 
0.860 (Table 2). To verify discriminant validity, we initially examined cross-loadings to ensure 
the constructs were accurately measured and represented (detailed in Table 2). Following 
this, the Heterotrait-Monotrait (HTMT) ratio was used for further validation, adhering to the 
recommended criteria for discriminant validity in Variance-Based Structural Equation 
Modeling (VB-SEM) as proposed by Henseler et al. (2015). Table 3 included the HTMT ratios, 
original sample, and 95% confidence intervals, confirming compliance with the HTMT 
threshold of 0.85. 
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Table 2 
Construct Reliability and Validity & Item Loadings 

Constructs Indicators Loadings CA CR AVE 

Intention INT1 0.820 0.830 0.834 0.662 

 INT2 0.820    
 INT3 0.834    
 INT4 0.779    
Leadership  LS1 0.870 0.860 0.861 0.705 
Style LS2 0.851    
 LS3 0.861    
 LS4 0.775    
Organisational  OC1 0.812 0.803 0.805 0.560 
Culture OC2 0.748    
 OC3 0.764    
 OC4 0.712    
 OC5 0.699    
Peer  PI1 0.763 0.845 0.864 0.618 
Influence PI2 0.792    
 PI3 0.838    
 PI4 0.845    
 PI5 0.681    
Self-Efficacy SE1 0.812 0.857 0.860 0.636 

 SE2 0.826    
 SE3 0.814    
 SE4 0.747    
 SE5 0.785    

Notes: CA=Cronbach Alpha   CR=Composite Reliability   AVE=Average Variance Extracted  
 

Table 3 
Hetrotrait-Monotrait (HTMT) Ratios 

 INT LS OC PI 

LS 0.554    
OC 0.662 0.498   
PI 0.604 0.482 0.806  
SE 0.736 0.398 0.586 0.562 

 
Structural Model 
The evaluation of the structural model adhered to the framework proposed by Hair et al. 
(2017), involving a detailed examination of pathway coefficients (β) and coefficients of 
determination (R²). We employed the Partial Least Squares (PLS) technique using 5000 sub-
samples to evaluate the significance of the path coefficients. The results of the hypothesis 
testing, including confidence intervals, beta coefficients, t-statistics, and p-values, are 
thoroughly presented in Table 4. This comprehensive analysis provides critical insights into 
the significance and robustness of the relationships between variables in the structural 
model. The detailed display of hypothesis testing results in Table 4 offers an in-depth analysis 
of each hypothesis, presenting beta coefficients, T-statistics, P-values, and final decisions on 
hypothesis support. This method significantly enhances the clarity and depth of the study's 
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findings, offering a more profound understanding of the interactions among the variables 
under investigation. The analysis of the ten hypotheses provides a comprehensive 
understanding of the relationships among leadership style, organisational culture, peer 
influence, self-efficacy, and the intention to accept changes. Hypothesis 1, which examines 
the direct effect of leadership style on the intention to accept, is accepted with a beta of 
0.208, a t-statistic of 4.434, and a p-value of 0.000, indicating a significant favourable 
influence. Similarly, Hypothesis 2 is accepted, demonstrating that leadership style positively 
impacts self-efficacy, with a beta of 0.125, a t-statistic of 2.601, and a p-value of 0.009. 
Building on this, Hypothesis 3 shows that leadership style influences intention to accept 
through self-efficacy, supported by a beta of 0.051, t-statistic of 2.478, and a p-value of 0.013, 
thus also being accepted. Hypothesis 4, which explores the direct impact of organisational 
culture on intention to accept, is accepted with a beta of 0.192, t-statistic of 3.272, and p-
value of 0.001. Meanwhile, Hypothesis 5 confirms that organisational culture significantly 
affects self-efficacy, with a beta of 0.270, a t-statistic of 4.544, and a p-value of 0.000.  
 
Hypothesis 6 further supports the mediating role of self-efficacy, showing that organisational 
culture influences intention to accept indirectly through self-efficacy, as indicated by a beta 
of 0.110, t-statistic of 4.097, and p-value of 0.000, resulting in acceptance. In contrast, 
Hypothesis 7, which posits that peer influence directly affects the intention to accept, is 
rejected due to a beta of 0.106, a t-statistic of 1.837, and a p-value of 0.066. However, 
Hypothesis 8 is accepted, showing peer influence significantly impacts self-efficacy, with a 
beta of 0.253, a t-statistic of 4.050, and a p-value of 0.000. Moving to Hypothesis 9, the strong 
relationship between self-efficacy and intention to accept is confirmed with a beta of 0.408, 
t-statistic of 8.939, and p-value of 0.000, leading to its acceptance. Finally, Hypothesis 10, 
which tests the indirect effect of peer influence on intention to accept through self-efficacy, 
is also accepted with a beta of 0.103, t-statistic of 3.597, and p-value of 0.000. This 
comprehensive analysis highlights the significant roles of leadership style, organisational 
culture, and self-efficacy in shaping the intention to accept while also recognising the vital 
mediating role of self-efficacy in the influence of peer factors. 
 
Table 4 
Hypotheses Testing Results 

Hypotheses Beta T-statistics P-values 2.50% 97.50% Decision 

H1: LS -> INT 0.208 4.434 0.000 0.110 0.292 Accepted 
H2: LS -> SE 0.125 2.601 0.009 0.027 0.219 Accepted 
H3: LS -> SE -> INT 0.051 2.478 0.013 0.012 0.094 Accepted 
H4: OC -> INT 0.192 3.272 0.001 0.079 0.309 Accepted 
H5: OC -> SE 0.270 4.544 0.000 0.152 0.383 Accepted 
H6: OC -> SE -> INT 0.110 4.097 0.000 0.060 0.166 Accepted 
H7: PI -> INT 0.106 1.837 0.066 -0.008 0.218 Rejected 
H8: PI -> SE 0.253 4.050 0.000 0.128 0.371 Accepted 
H9: SE -> INT 0.408 8.939 0.000 0.316 0.495 Accepted 
H10: PI -> SE -> INT 0.103 3.597 0.000 0.050 0.165 Accepted 

 
Effect Sizes (f2) & Variance Inflation Factor (VIF) 
Table 5 summarises the effect sizes (f²) based on Cohen's (1992) guidelines, categorising them 
as minor (0.020 to 0.150), medium (0.150 to 0.350), and large (0.350 and above). The effect 
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sizes in this study range from small (0.012) to large (0.240), indicating varying impacts of the 
analysed variables. Additionally, the Variance Inflation Factor (VIF) values shown in Table 6 
are consistently below the lenient threshold of 5, with the highest being 2.016, suggesting 
minimal collinearity. This reliability supports comparing effect sizes and interpreting the 
structural model coefficients. The model exhibits substantial explained variance for the 
endogenous construct, with an R² value of 0.514 (Figure 1). For the mediator, the model 
accounts for about 30% of the variance, indicated by an R² value of 0.300, demonstrating the 
model's effectiveness in accurately capturing mediation dynamics and representing the 
underlying processes. 
 
Table 5 
Effect Sizes (f2) & Variance Inflation Factor (VIF) 

 f2 VIF 

 INT SE INT SE 
LS 0.069 0.018 1.286 1.264 
OC 0.038 0.055 2.016 1.912 
PI 0.012 0.048 2.007 1.915 
SE 0.240  1.428  

 
PLSpredicts & Cross-Validated Predictive Ability Test (CVPAT) 
The model's inferences and managerial implications were thoroughly evaluated using out-of-
sample predictive analysis via the PLSpredict method, as Shmueli et al. (2016, 2019) 
advocated. As shown in Table 6, the application of PLS-SEM yielded significantly better Q² 
predictions (>0) than naive mean predictions, consistently achieving lower Root Mean Square 
Error (RMSE) values compared to linear model (LM) benchmarks, highlighting its robust 
predictive capabilities. Remarkably, in six instances, RMSE values from PLS-SEM predictions 
surpassed those from the LM prediction benchmark, emphasising the proposed model's 
predictive strength, as outlined in Table 6. The development of the Cross-Validated Predictive 
Ability Test (CVPAT) by Hair et al. (2022), along with its integration with PLSpredict analysis by 
Liengaard et al. (2021), represents significant advancements in predictive modelling. 
Furthermore, Table 7 corroborates the superior predictive abilities of PLS-SEM, showing lower 
average loss values against indicator averages and LM benchmarks, providing compelling 
evidence of its enhanced predictive performance. 
 
Table 6 
PLS Predicts 

 Q²predict PLS-SEM_RMSE LM_RMSE PLS-LM 

INT1 0.332 0.631 0.629 0.002 

INT2 0.230 0.623 0.628 -0.005 

INT3 0.256 0.679 0.696 -0.017 

INT4 0.173 0.717 0.717 0.000 

SE1 0.228 0.620 0.619 0.001 

SE2 0.180 0.624 0.638 -0.014 

SE3 0.148 0.676 0.678 -0.002 

SE4 0.145 0.683 0.696 -0.013 

SE5 0.188 0.615 0.629 -0.014 
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Table 7 
Cross-Validated Predictive Ability Test (CVPAT) 

 Average loss difference t-value p-value 

INT -0.145 6.625 0.000 
SE -0.089 5.040 0.000 
Overall -0.114 6.847 0.000 

 
Importance-Performance Map Analysis (IPMA) 
The Importance-Performance Map Analysis (IPMA) conducted by Ringle and Sarstedt (2016) 
and Hair et al. (2018) offers valuable insights into prioritising improvements for factors 
affecting performance. Table 8 reveals that self-efficacy, while having the highest total effect 
(0.408) among variables, shows the lowest performance score (60.548). This suggests a 
significant opportunity for enhancement. Strategies such as targeted training programs to 
boost confidence and operational skills, mentorship initiatives, and creating supportive 
environments should be implemented to improve self-efficacy. Additionally, fostering a 
culture that encourages risk-taking and recognises individual achievements can enhance self-
efficacy, ultimately improving overall performance. 
 
Table 8 
Importance-Performance Map Analysis (IPMA) 

 Total Effect Performance 

LS 0.259 66.582 
OC 0.302 67.523 
PI 0.209 66.583 
SE 0.408 60.548 

 
Discussion & Conclusion 
Discussion 
To positively influence employees’ intention to accept AI-enabled transformation, airline 
companies should strategically enhance peer influence, organisational culture, and leadership 
style, utilising self-efficacy as a mediator. As revealed in the hypotheses testing, self-efficacy 
holds a substantial beta value (0.408), indicating its critical role in mediating the effect of 
these variables on employees’ acceptance of transformation. Firstly, fostering peer influence 
(Beta: 0.253) can significantly elevate self-efficacy. This can be achieved by encouraging 
knowledge-sharing and collaboration among employees, where more experienced individuals 
guide their peers in AI applications (Durkin et al., 2021). Creating peer learning groups or 
forums can boost confidence and diminish resistance to new technologies as employees 
receive first-hand support and validation from their colleagues (Nurjanah & Harsono, 2024). 
Enhancing organisational culture (Beta: 0.270) involves cultivating an environment that values 
innovation and continuous improvement. Airlines should implement initiatives that reward 
experimentation and allow for safe failures, enhancing self-efficacy by empowering 
employees to engage with AI without fear of negative repercussions (Martínez et al., 2024). 
Additionally, transparent communication regarding the benefits and implications of AI 
implementations can alleviate uncertainties, promoting a culture of trust and openness 
necessary for technological adoption (Jain et al., 2024). Regarding leadership style (Beta: 
0.125), transformational leadership approaches should be adopted where leaders act as role 
models by embracing AI technologies and championing such transformations (Kaur & Kaur, 
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2024). Leaders should provide vision-driven goals that inspire and motivate employees, 
aligning AI initiatives with overarching organisational goals. By offering regular feedback and 
recognising achievements, leaders can enhance employees’ self-efficacy, fostering an 
optimistic outlook toward AI-enabled transformation (Chi et al., 2022). The effective 
enhancement of these strategic areas leads to increased employee self-efficacy, significantly 
affecting their intention to accept AI transformations within the airline industry. This 
integrated approach aligns with the statistical significance found in the study results. It 
provides a roadmap for airlines to drive AI transformation with minimal resistance and 
maximal engagement, securing competitive advantages and innovation within the industry. 
 
Theoretical Implications 
The theoretical implications of this research are firmly rooted in the framework of 
Transformational Leadership Theory, which supports understanding the variables and 
dynamics within our research model. Transformational Leadership Theory posits that leaders 
who inspire, motivate, and foster an environment of innovation can significantly influence 
their followers' attitudes and behaviours (Bass & Riggio, 2006). In the context of this study, 
such leadership practices are essential in enhancing employees’ intention to accept AI-
enabled transformations, with self-efficacy serving as a critical mediator. Transformational 
leaders effectively elevate self-efficacy by articulating compelling visions and providing 
individualised support, which helps reduce employees' resistance to change and fosters an 
internal drive to adapt (Eisenbeiss et al., 2008). This aligns with our findings that highlight 
leadership style's positive impact on self-efficacy and its influence on the intention to accept 
AI transformations. When organisational culture encourages transformational leadership 
qualities, it further strengthens this relationship, resonating with Chi et al.'s (2022) view on 
the role of leadership in facilitating technology acceptance. Additionally, peer influence within 
this dynamic is underpinned by the transformational leader’s ability to cultivate a supportive 
and collaborative organisational culture (Jain et al., 2024). As employees engage in shared 
learning experiences, their self-efficacy is enhanced, increasing their willingness to embrace 
AI transformations (Nurjanah & Harsono, 2024). In essence, Transformational Leadership 
Theory provides a coherent lens through which the interaction between leadership, 
organisational culture, peer influence, and self-efficacy can be viewed. This theoretical 
grounding ultimately enriches understanding of factors driving acceptance of technological 
change in the airline industry. This theoretical grounding supports the research model and 
offers strategic insights into balancing leadership and cultural dynamics for successful AI 
implementation. 
 
Practical Implications 
The practical implications of this study are significant for airline companies pursuing AI-
enabled transformations. First, by leveraging Transformational Leadership Theory, these 
companies can address leadership's critical role in fostering an environment conducive to 
technological change. Leaders should be trained to inspire and motivate employees, which 
enhances their self-efficacy and openness to AI adoption (Bass & Riggio, 2006; Eisenbeiss et 
al., 2008). Additionally, airline companies should focus on developing a supportive 
organisational culture that values innovation and collaboration. Such an environment not only 
boosts individual self-efficacy but also reinforces the positive impacts of peer influence as 
employees learn and adapt together (Jain et al., 2024). This can be implemented through 
workshops, peer mentoring, and collaborative platforms encouraging knowledge-sharing 
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about new technologies. Furthermore, companies must recognise the importance of self-
efficacy as a mediator in technology acceptance and provide resources and support to boost 
this confidence (Nurjanah & Harsono, 2024). This might include training programs, clear 
communication about AI benefits, and fostering a psychologically safe space for 
experimentation and learning. By strategically enhancing leadership practices, organisational 
culture, and self-efficacy, airline companies can improve employee acceptance of AI 
technologies, leading to smoother transitions and more effective implementations. 
 
Suggestions for Future Study 
Future studies should explore the longitudinal effects of transformational leadership on self-
efficacy and AI adoption within the airline industry. Researchers can assess how sustained 
leadership practices influence technological adoption and employee adaptation to AI changes 
by examining these dynamics over time. Additionally, it would be beneficial to explore how 
different dimensions of organisational culture specifically contribute to enhancing self-
efficacy and openness towards AI, thereby providing more granular insights into which 
cultural aspects have the most significant impact. Research could also extend to comparing 
results across various geographical regions and sectors within the airline industry to 
determine whether cultural or sectoral differences affect the relationships indicated in this 
study. Finally, incorporating qualitative methods, such as interviews or focus groups, can 
provide deeper insights into employee perceptions and experiences of leadership and AI 
integration, offering a more comprehensive understanding of the psychological and social 
factors influencing technology acceptance. 
 
Conclusion 
This study underscores the pivotal role of transformational leadership in facilitating AI-
enabled transformations within the airline industry. Leaders can significantly influence 
employees' willingness to embrace technological changes by enhancing self-efficacy and 
cultivating a supportive organisational culture. This approach aligns with the theoretical 
foundations of Transformational Leadership Theory and provides practical pathways to 
address challenges in technology adoption. Contextually, as airlines increasingly integrate AI 
to optimise operations and customer service, fostering an environment that supports learning 
and collaboration becomes essential. The study's findings highlight the importance of 
strategic leadership development and cultural initiatives that bolster employee confidence 
and adaptability. These insights are crucial for airline companies aiming to navigate the 
complexities of AI implementation effectively. By focusing on leadership, culture, and peer 
dynamics, airlines can enhance their competitive edge and ensure the successful integration 
of AI technologies, ultimately driving innovation and operational excellence in a rapidly 
evolving industry. 
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