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Abstract 
There has been an increasing interest in research on labor income share trends over the past 
few decades. Nevertheless, most of the studies only focused on advanced and developed 
countries, leaving a gap in understanding how labor income share behaves in emerging 
economies. Hence, this paper seeks to contribute to the literature by examining the 
determinants of labor income share in a sample of both advanced and emerging economies, 
focusing on the impacts of taxation, trade, and globalization. This study utilized a System 
Generalized method of moments (GMM) estimation approach for 57 advanced and emerging 
economies from 2008 to 2022. The findings indicate that labor income share exhibits strong 
persistence, reflecting the influence of past income distribution patterns and institutional 
factors. Moreover, trade openness reduces labor income share in advanced economies, 
whereas the effect in emerging economies is insignificant. In contrast, globalization was 
found to have a significant positive relationship with labor share of income in the full sample, 
while no significant relationship was found between taxation and labor income share across 
both economies. Consequently, these findings provide actionable insights for crafting 
balanced economic policies across different development contexts. Policymakers shall 
leverage these evidence-based conclusions to design taxation systems and trade frameworks 
that protect labor income shares while maintaining economic competitiveness, with 
particular attention to each nation's structural characteristics and development stage. 
Keywords: Labor Income Share, Taxation, Trade Openness, Globalization, System GMM 
 
Introduction 
One important pillar of the economic research agenda in recent years is the evolution of the 
functional distribution of income between labor and capital, which plays an important role 
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in macroeconomic stability, social equity, and long-term growth. The labor income share (LIS), 
defined as the share of national income allocated to labor compensation has declined over 
the past few decades. This raised urgent concerns about rising inequality, stagnant wages, 
and the sustainability of economic growth. In this context, many research has been dedicated 
to investigate the decline in labor shares in across various economies (Burger, 2015; Dao et 
al., 2017; Erkişi and Çetin, 2025; Mallick, 2020; Moreira, 2022; Sweeney, 2014). The 
International Labour Organization (ILO) considers the share of labor income to be an 
essential indicator of the labor-capital distribution. Its downward trend has been interpreted 
as a sign of structural changes induced by globalization, technological progress, and policy 
choices. However, this development has raised concerns over rising income inequality, 
precarity of labor markets and the changing nature of work in an increasingly globalized 
economy (Autor et al., 2020; Karabarbounis and Neiman, 2014). These trends also offer 
important insights for policymakers on the measures needed to prevent inequality from 
escalating into social instability. Thus, understanding the drivers of labor income share is vital 
to ensure that economic development is more inclusive and sustainable. Despite growing 
interest, most studies concentrate on advanced economies, while evidence from emerging 
markets remains limited. Yet, emerging economies face different labor market conditions, 
institutional structures, and policy challenges in comparison to advanced economies (Duval 
& Loungani, 2021). Hence, this justified a strong need to examine both groups in a unified 
framework to uncover whether economic policies and globalization affect them differently. 
 
 Tax policies, particularly the differential treatment of labor and capital income, 
affects firms' choices to produce labor-intensive versus capital-intensive goods. Progressive 
tax and redistributive fiscal policies could mitigate the erosion of labor’s share. However, in 
many economies, the tax Systems have become increasingly favourable for capital 
accumulation, hence aggravating a long-term trend of labor income share decline (Piketty and 
Saez, 2013; Stockhammer, 2017). Conversely, trade policies have a powerful impact on labor 
income share by determining the relative competitiveness of domestic sectors, which 
compromises their production structure as well as labor market status. Other than that, 
trade liberalization, defined as a decrease in tariffs and non-tariff barriers enables the 
economy to integrate into global markets, but subjects domestic labor to increased 
competition. Undeniably, the expansion of trade has the potential to spur growth and 
efficiency. But it also tends to push wages downwards, especially in industries where there 
is high competition with cheaper wage countries (Rigby et al., 2015). 
 
 Besides economic policies such as taxation and trade regulation, globalization is also 
an important determinant of the labor income share. While proponents argue that 
globalization promotes economic efficiency, innovation, and productivity, critics highlight its 
potential to exacerbate income disparities by shifting the income distribution in favor of 
capital and undermining labor bargaining power, particularly in countries with weaker labor 
protections (Elsby et al., 2013). This dynamic is especially evident in emerging economies, 
where global market forces drive structural changes in production, making it more capital-
intensive while labor institutions remain weak. However, the key question remains: Do the 
benefits of globalization outweigh its costs to labor’s share of income? This dilemma has 
become a central focus of modern economic analysis. Therefore, it is important to understand 
how globalization interfaces with domestic policies regarding labor share dynamics to design 
more inclusive policy regimes, particularly in countries undergoing growth transitions.  



INTERNATIONAL JOURNAL OF ACADEMIC RESEARCH IN ECONOMICS AND MANAGEMENT SCIENCES 
Vol. 1 4 , No. 3, 2025, E-ISSN: 2226-3624 © 2025 

66 

This study holds significant academic and policy implications by providing empirical 
evidence on the effects of taxation, trade, and globalization on labor income share in 
advanced and emerging economies. The discoveries of this study offer concrete 
recommendations for policy makers, labor leaders, and international organizations seeking to 
address the upsurge in inequality in a global economy. Besides that, such a comparative 
approach uncloaks policies that have conditional effects, giving advanced economies 
evidence for how to counterpressure against offshoring and automation fatigue and emerging 
economies evidence for how to shore up labor protections without undermining 
competitiveness. Most importantly, this study fills a long-standing gap in knowledge that has 
exposed developing countries to downward wage pressures, offering empirical backing for 
tax policies and trade pacts that protect workers in an interconnected world. 

 
 The goal of this paper is to investigate the effect of economic policies, including 
taxation and trade liberalization, along with the influence of globalization on labor income 
share across advanced and emerging economies. Given this aim, this paper hypothesizes that 
the effects of these factors on labor share of income may differ significantly for these two 
groups, given their different economic structures and levels of development. So, to attain this 
goal, this paper employed a dynamic panel modelling, specifically the System Generalized 
Method of Moments (GMM) estimation approach as introduced by Arellano and Bover (1995) 
and Blundell and Bond (1998). Besides that, we also incorporated several control variables 
including labor force participation, gross domestic products (GDP) per capita and inflation, to 
account for other factors that could affect the dependent variable. Moreover, this paper also 
conducts sub-sample estimates for advanced and developing economies to test the 
heterogeneous impact of economic policies and globalization on labor income share. By 
examining variations across groups, it seeks to unravel how the challenges associated with 
taxation, trade and globalization manifest differently depending on the economic context, 
thus providing insights toward policies that are attuned to gap in those economies. 
 
 The remainder of this paper is organized as follows. The literature review is 
presented in the next section. Following that, the paper describes the variables, model 
specification, and analytical techniques employed. The subsequent section shows the results 
along with their interpretation. Lastly, final part discusses the findings, offers explanations, 
and concludes the paper. 
 
Relevant Literature Review 
Relationship between Taxation and Labor Income Share  
Extensive research has studied the relationship between taxation and labor income share 
and findings indicate that the nexus between the two is rather complex. Generally, an 
increase in taxes on labor income may lead to a decline in the labor share. This is because 
higher labor income taxes raise the cost of labor for employers (Cruz, 2023), potentially 
resulting in a reduction in employment or wages. The work of Kaymak and Schott (2023), 
show that across Organisation for Economic Co-operation and Development (OECD) 
countries, corporate tax cuts explain 30% to 60% of the observed decline in labor income 
share. This is mainly because lower rates of corporate tax favor capital-intensive firms, 
resulting in higher industry concentration and fewer jobs, consequently reducing the 
proportion of income distributed to labor. Moreover, research that concentrates on a 
particular nation, especially the United States (US), also confirmed this observation. For 
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instance, Heer et al. (2023), claimed that technological progress has accelerated this trend 
by making capital more productive than labor, which resulted in a shrinking share of income 
for workers. Similarly, Acemoglu et al. (2020) also emphasized that the US tax System is 
increasingly biased towards capital, which contributes to the ongoing decline in labor income 
share, especially as automation and technological change continue to reshape the economy. 
Likewise, in China, Li et al. (2021) demonstrated that rising corporate taxes cause a 
reallocation of income from labor to capital and this, in turn, may reduce the labor income 
share. 
 
  Nevertheless, not all studies suggest a negative association between taxation and 
labor income share. For example, Bises et al. (2023), argued that comprehensive personal 
income taxes that cover capital income can enhance the redistributive power of taxation, 
which may promote a rise in the labor income share. Along the same lines, an investigation 
by Li et al. (2024) based on 302,951 Chinese enterprises over the period of 2009 to 2015 also 
illustrated the significant relationship of reduction of tax burden with both the technological 
adaptation and labor income share. They argued that a reduced social security increased the 
funds available, hence enabling company to invest in automation. As a result, this leads the 
labor productivity growing faster than its’ costs, thus eventually lower the labor income 
share. Other than that, some studies in the literature also investigated the effect of 
progressive taxation on labor income share. To give an example, Lyon and Waugh (2018) 
asserted that progressive tax Systems reduce income inequality and, by implication, increase 
the labor income share. However, it should be kept in mind that the effectiveness of 
progressive taxation in raising labor income share is contingent on the wider economy, how 
tight the labor market is and the structure of the tax System (Guner et al., 2020; Wu, 2021).  
 
Relationship between Trade and Labor Income Share  
Other than taxation, the relationship between trade openness and labor income share has 
also been the subject of extensive study, with varying conclusions depending on the context 
and sector under examination. Existing literature indicates that rising trade exposure can 
adversely affect labor income share, especially in developing economies. This occurs 
primarily through intensified competition and a shift toward capital-intensive production 
methods for firms aiming to remain competitive (Autor et al., 2016). For instance, Gupta and 
Helble (2018) employed a fixed-effects model to analyze the impact of trade liberalization on 
manufacturing plants in India between 1999 and 2008. They observed a substantial decline in 
labor income share in capital-intensive and high-tech industries, but a small positive effect 
for labor-intensive sectors. In a Latin American context, González-Rozada and Ruffo (2024) 
analyzed the impact of post-trade agreement conditions on labor income share, finding that 
trade agreements with large economies were linked to a decrease in labor income share by 
two to four percentage points of GDP. In essence, their work drew attention to the way trade 
agreements have kept real wages from going up, especially in manufacturing sectors. 
 
 While majority of the body of literatures appears to show a negative relationship 
between trade openness and labor income share, some studies find exceptions. For example, 
the work of Yeerken and Deng (2023) which analyzed the impact of digital service trade on 
labor income share in OECD countries shows that digital trade raises productivity and thus 
labor income share. Their analysis was based on a panel data spanning from 2005 to 2019 and 
utilizing a fixed effects model. Moreover, an interesting study across 96 countries between 
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1970 and 2009 provides findings on a nonlinear relationship between trade and labor share 
by utilizing partially linear models with fixed effects (Wang and Tian, 2020). They also pointed 
out that exports reduce the labor income share, while imports generally increase it. However, 
this effect disappears at increasingly higher levels of trade, indicating that there is a non-linear 
interaction between the levels of trade and labor income share. Interestingly, their discovery 
aligns with the findings of Doan and Wan (2017) who analyzed 87 countries from 1980 to 
2010. Wherein, it was revealed that imports generally boost labor share, and exports have a 
negative impact. On the other hand, Guerriero and Sen (2012) asserted that labor income 
shares increase with trade openness in countries with stronger labor market regulations. 
However, in countries with narrow regulatory frameworks, trade openness significantly 
increases income inequality by lowering the bargaining power of labor compared to capital. 
Hence, this underscores the role of strong labor protections in blunting the adverse effects 
of trade liberalization on income distribution. 
 
Relationship between Globalization and Labor Income Share  
The effect of globalization on labor income share has been a well-addressed topic in the 
literature, with trade being one of the key driving factors for declining labor income shares. 
Nonetheless, it should be noted that, globalization is a multidimensional process that extends 
beyond trade. Globalization encompasses several aspects including economic, political, 
social, and cultural integration across borders. In contrast, trade openness or liberalization 
specifically refers to the reduction of trade barriers to facilitate the exchange of goods and 
services, making it just one component of the broader globalization framework. According to 
Erkişi and Çetin (2025) however, advancements in technology such as automation and 
robotics, which are key drivers of trade-induced industrial changes that reduce the need for 
human labor and increase the share of capital, also contribute to a decrease in labor’s share 
of income. In addition to this perspective, a study by Dilja (2024) using panel data from 185 
countries during the period 2005 to 2022 shows that Artificial Intelligence (AI) and 
Information and Communication Technology (ICT) can positively affect productivity, with 
higher-income countries making better use of these technologies. This indicates that, under 
certain conditions, technology can raise labor’s income share by improving skills and 
employment opportunities, particularly when supported by education, training, and policies 
that help workers adapt to technological change. Furthermore, it highlights how globalization, 
by spreading technology across borders and strengthening knowledge transfer, can 
contribute to a more equitable distribution of income when appropriate policy mechanisms 
are in place. Besides that, globalization is considered a double-edged sword in terms of 
foreign direct investment (FDI). Although FDI attracts capital, its impact on labor share is not 
always beneficial. In a significant number of cases, however, FDI has only limited positive 
implications for local labor markets, as the entry of foreign firms is often accompanied by 
capital-intensive production that contributes to a further of labor's share (Doan and Wan, 
2017). Moreover, the globalization process has enhanced skill premium against low-skilled 
individuals who have been receiving reduced share of total income compared with high-
skilled individuals which degrades the inequality gap (Paul, 2020). All these results taken 
together point to the implication that globalization, especially driven by trade, tends to shift 
the balance of power and income from labor to capital. 
 

However, other studies have found that globalization can have a positive impact on 
the labor income share, particularly when paired with social globalization and effective 
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government policies. The political and social globalization, such as the mobility of 
information, ideas, and people, can offset the effects of economic globalization by increasing 
labor's bargaining power. This is especially true in more developed economies, where labor 
protections and regulations are stronger (Young and Tackett, 2018). Although liberalization 
of trade and flows of capital are associated with detrimental effects on the labor share of 
national income, social globalization can lead to broader access to information and networks 
that empower workers and improve their share of national income. According to Sertyesilisik 
(2022), globalization opens doors to economic equality but also holds the potential to 
improve working conditions and welfare Systems when aligned with the right policy 
frameworks. For instance, countries that implement robust social safety nets and labor 
market regulations can mitigate the adverse effects of economic globalization, ensuring a 
more equitable distribution of income. Harrison (2022) argues that government policies, such 
as high levels of public expenditure on education and health care, capital controls, and strong 
labor laws, can alleviate the negative impacts of globalization and ensure that its benefits are 
more evenly distributed across society. In this context, globalization itself is not inherently 
detrimental to labor income share. Rather, it is the way it is managed and integrated into 
national frameworks that determines its impact. 

 
Relationship between Macroeconomic Variables and Labor Income Share  
The labor force participation rate is a key determinant of labor income share, with changes in 
the participation rate affecting income distribution. Researchers have explored the links 
between these two, as affecting the labor market composition directly and indirectly due to 
the demographic dynamic. Interestingly, it was found that higher participation rates, 
particularly for women, were associated with more equitable income distribution by 
increasing the number of people contributing to household income (González and Virdis, 
2021; Yıldırım and Akinci, 2021). Other than that, by utilizing data from 18 OECD countries 
spanning from 1960 to 2008, Schmidt and Vosen (2013) revealed that a slow growth of labor 
force participation rates tends to increase capital intensity, which can lower labor income 
share. Similarly, d’Albis et al. (2021) also suggested a positive impact of labor force 
participation based on their estimation using a structural Vector Autoregression (VAR) model 
on 1985–2018 for 18 OECD countries. Their findings indicate that demographic changes, such 
as the natural rate of increase and net migration, have an impact on the labor income share. 
As a result, this relationship is also affected by labor force participation, as changes in 
workforce composition can impact income distribution, particularly, the labor income share. 
 
 Another macroeconomic variable that plays a significant role in shaping the labor 
income share is the economic development of a country. Notably, the relationship between 
the two are often multifaceted and circumstance-specific. On the one hand, it has been 
argued that a high economic growth rate leads to a higher labor income share rate, as 
growing economies tend to create jobs and increase incomes  (Trofimov et al., 2018). Recent 
studies have proposed that, in some contexts, there's an inverse relationship between GDP 
growth and labor income share. According to Sergi et al. (2023) a negative relationship 
between GDP growth and labor income share was observed in high labor-output countries 
between 1990 and 2010, particularly post-global crisis due to technological changes and the 
increased role of capital. Furthermore, Kim and Park (2020) provided evidence of a cubic 
relationship, where labor income share rises with GDP growth to a certain point but then 
declines as the economy continues to grow. These findings suggest that, while GDP growth 
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may benefit labor in the short term, the long-term dynamics may lead to a decline in labor’s 
share of national income, particularly in more capital-intensive economies. 
 
 Another important determinant in the discussion of labor income share is inflation. 
Inflation is often linked to a decrease in labor’s share due to its influence on wage bargaining 
power and nominal rigidities in labor markets. For instance, Jensen (2017) found that in the 
US and other OECD countries, rising inflation was associated with a decline in labor income 
share, as inflation undermined labor’s bargaining power and contributed to wage stagnation. 
Similarly, Alaloul et al. (2021) reported a significant negative relationship between inflation 
and labor income share in Malaysia's construction sector. On the other hand, some studies 
demonstrate a positive relationship between inflation and labor income share, particularly in 
the context of price-cost margins. Earlier studies by Alcala and Sancho (2000) suggested that 
inflation could lead to higher labor’s share of income, especially in countries with stable price-
cost margins. Likewise, in the United Kingdom, Batini et al. (2000) observed that inflation and 
labor income share were positively correlated, indicating that inflation could support labor’s 
share in some economic contexts. In addition, Taylor and Barbosa-Filho (2021) asserted that 
the rising spread of income from inflation can be interpreted as conflicting claims for income, 
particularly in situations where the labor income share is rising and wages are growing faster 
than price levels and productivity. 
 
Methodology 
Variables Overview  
Table 1 provides an overview of the variables used in this study, categorizing them into 
dependent, independent, and control variables.  The labor income share (LIS), the dependent 
variable, represents the proportion of national income allocated to labor compensation and 
is sourced from the ILO website. The key independent variables include tax revenue (TAX) and 
trade openness (TO), both measured as a percentage of GDP and obtained from the World 
Bank's World Development Indicators (WDI) database. Additionally, the globalization index 
(GI), sourced from the KOF Swiss Economic Institute, captures the extent of economic, social, 
and political integration on a scale from 0 to 100. The study also controls for labor force 
participation (LFP), GDP per capita (GDPPC), and inflation (CPIG). These variables were 
selected to account for broader economic and labor market conditions and to ensure that the 
estimated effects of the main explanatory variables are not biased by omitted 
macroeconomic influences. Specifically, LFP captures labor market engagement, GDP per 
capita reflects economic development, and CPIG as a proxy for inflation, which account for 
price stability and purchasing power. 
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Table 1 
Summary of variables 

Role of Variable Variable Label Measurement Source 

Dependent 
variable 

labor income 
share 

LIS Proportion of national income 
allocated to labor compensation 
(% GDP) 

ILO 

Independent 
variable 

Tax revenue TAX (% GDP) WDI 

Independent 
variable 

Trade 
openness 

TO Total import and export (% GDP) WDI 

Independent 
variable 

Globalization 
index 

GI Index with a scale from one to one 
hundred (0-100) 

KOF index 

Control variable labor force 
participation  

LFP % of total population ages 15+  WDI 

Control variable GDP per 
capita 

GDPPC GDP per capita, PPP (constant 
2021 international $) 

WDI 

Control Variable Inflation CPIG CPI growth (annual %) UNCTAD 
Note(s): ILO stands for International Labour Organisation, WDI stands for world bank indicator, KOF 
index is a database for globalization index developed KOF Swiss Economic Institute, and UNCTAD is 
the United Nations Trade and Development data hub. 
Source(s): Table by authors. 

 
In this study, globalization is viewed as a multidimensional phenomenon that goes 

beyond international trade. While trade, which is the movement of goods and services across 
borders is an important component, globalization also includes other dimensions such as 
financial integration (e.g., foreign direct investment and portfolio flows), labor mobility (e.g., 
migration), technological diffusion, and political cooperation among nations. Therefore, by 
controlling separately for trade openness, the analysis isolates the broader effects of 
globalization, capturing influences related to capital markets, cross-border movement of 
people, international policy alignment, and information exchange. This distinction enables a 
more sophisticated comprehension of the potential impact of globalization, in its entirety, on 
the labor income distribution across economies. 
 
Model Specification and Estimation Technique 
With the guidance of previous studies discussed in the previous section, Equation (1) 
represents the relationship of interest that were studied in this paper. Specifically, it models 
the labor income share for a given country 𝑖 at time 𝑡 as a function of tax revenue, trade 
openness, globalization index, labor force participation, GDP per capita and inflation. 

𝐿𝐼𝑆𝑖𝑡 = (𝑇𝐴𝑋𝑖𝑡, 𝑇𝑂𝑖𝑡, 𝐺𝐼𝑖𝑡, 𝐿𝐹𝑃𝑖𝑡 , 𝐺𝐷𝑃𝑃𝐶𝑖𝑡𝐶𝑃𝐼𝐺𝑖𝑡) (1) 
Our study employed a dynamic panel modelling approach to analyze the determinants 

of labor income share across 57 countries (See Table 1A in the Appendix for the full list) for 
the period of 2008 until 2022. The model specification includes a lagged dependent variable 
as one of the regressors to account for persistence in the labor income share over time.  
Notably, all variables were log transformed to ensure elasticity interpretation and stabilize 
variance. Given this, the model specification of our study can be written as Equation (2), 

ln(𝐿𝐼𝑆)𝑖𝑡 = 𝛼 + 𝛾 ln(𝐿𝐼𝑆)𝑖,𝑡−1 + 𝛽1 ln(𝑇𝐴𝑋)𝑖𝑡 + 𝛽2 ln(𝑇𝑂)𝑖𝑡 + 𝛽3 ln(𝐺𝐼)𝑖𝑡
+ 𝛽4 ln(𝐿𝐹𝑃)𝑖𝑡 + 𝛽5 ln(𝐺𝐷𝑃𝑃𝐶)𝑖𝑡 + 𝛽6 ln(𝐶𝑃𝐼𝐺)𝑖𝑡 + 𝜀𝑖𝑡 

(2) 

where 𝛾  captures the persistence of labor income share, 𝛽1, 𝛽2, 𝛽3, 𝛽4, 𝛽5, 𝛽6  denote the 
coeffcients of the regressors, 𝜀𝑖𝑡 is the error term, 𝑖 represent country and 𝑡 represent time. 
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The dynamic nature of the model necessitates the use of an appropriate estimation 
technique, namely the System GMM approach, to address endogeneity concerns arising from 
simultaneity bias and unobserved heterogeneity. 
 
 The GMM estimator is suitable for small time-periods (𝑇) and large cross-sections (𝑁) 
(Yousefinejad et al., 2022), which was first presented by Arellano and Bond (1991). The GMM 
technique is widely used in panel regression studies because it efficiently handles 
endogeneity concerns by employing lagged dependent variables and exogenous regressors 
as instruments (Hassan et al., 2024). Given so, this approach provides a more reliable 
estimations of regression coefficients in comparison to conventional fixed effect (FE) model 
and random effects (RE) model. The GMM methods can further be categorized as Difference 
GMM and System GMM. The System GMM estimator was first devised by Arellano and Bover 
(1995) and further developed by Blundell and Bond (1998). The beauty of both Difference and 
System GMM methods are the use of the instruments which are valid based on the 
assumption that the disturbance terms are truly independent and are serially uncorrelated. 
Nevertheless, the System GMM is considered more reliable compared to Difference GMM, as 
it is more robust to heteroscedasticity and autocorrelation. Not just that, it is more effective 
to use the System GMM estimation instead, if the dependent variable more persistent. Given 
these, our study utilized the System GMM approach to assess the significant impact of 
economic policies, globalization on the labor income share.  
 
Cross-sectional Dependence Test 
Prior to conducting panel unit root tests, it is essential to examine cross-sectional dependence 
(CD) to determine the appropriate testing approach. CD arises when unobserved common 
factors or economic interdependencies cause correlations across cross-sections, which can 
bias traditional panel estimations if not addressed. Here, our study utilized the cross-sectional 
dependence test devised by Pesaran (2006). Equation (3) shows the CD test statistic (Hoyos 
and Sarafidis, 2006), 
 
 

𝐶𝐷 = √
2𝑇

𝑁(𝑁 − 1)
(∑ ∑ 𝑦̂𝑖𝑗

𝑁

𝑗=𝑖+1

𝑁−1

𝑖=1

) 

 
(3) 

 
where, 𝑦̂𝑖𝑗 represent the residual pairwise correlation coefficient, 𝑁 is the number of cross 

sections term and 𝑇 is the time series term. with the null hypothesis stating no CD among 
panel units. The null hypothesis of this test assumes no CD among panel units. A p-value below 
0.05 leads to rejecting the null, indicating significant CD, while a p-value above 0.05 suggests 
the absence of CD. 
 
Panel Unit Root Test 
After assessing cross-sectional dependence, it is essential to determine the stationarity of 
variables using panel unit root tests. The choice between first-generation and second-
generation unit root tests depends on the presence of CD. First-generation tests, such as the 
Im, Pesaran, and Shin (IPS), Levin, Lin, and Chu (LLC), Augmented Dickey-Fuller (ADF), and 
Phillips-Perron (PP) tests, assume cross-sectional independence and are appropriate when CD 
is absent. In this study, we primarily utilized the IPS panel unit root test, when no CD is 
detected in the panel data. Additionally, LLC, ADF and PP tests were implemented to validate 
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the consistency of the stationarity results. The IPS panel unit root test begins with an 
Augmented Dickey Fuller (ADF) panel data regression given by Equation (4), 
 
 

∆𝑦𝑖𝑡 = 𝛼𝑖 + 𝜌𝑖𝑦𝑖,𝑡−1∑ 𝜑𝑖𝑗

𝑝

𝑗=1
∆𝑦𝑖𝑡−1 + 𝜀𝑖𝑡 

(4) 

 
where 𝜌𝑖  represents the autoregressive coefficient for individual 𝑖. The test statistic for this 
test is given by Equation (5), which is simply the average of the t-statistics from the individual 
ADF regressions across all 𝑁 cross-sectional units. 
 

𝑡̅ =
1

𝑁
∑ 𝑡𝑖

𝑁

𝑖=1
 

(5) 

 
 However, when CD is present, second-generation unit root tests, such as the Cross-
Sectionally Augmented IPS (CIPS) devised by Pesaran (2007), are preferred they account for 
common factors and cross-sectional dependencies. The CIPS test is derived from the Cross-
Sectional augmented Dickey Fuller (CADF) regression, which augments the standard Dickey-
Fuller test with cross-section means to control for unobserved common factors, as shown in 
Equation (6), 
 
 ∆𝑦𝑖𝑡 = 𝑎𝑖 + 𝑏𝑖𝑦𝑖,𝑡−1 + 𝑐𝑖𝑦̅𝑡−1 + 𝑑𝑖∆𝑦̅𝑡 + 𝑒𝑖𝑡 (6) 

 
where 𝑦̅𝑡−1 and ∆𝑦̅𝑡 represent cross-sectional averages of the lagged dependent variable and 
first-differenced dependent variable, respectively. The CIPS test statistic is then computed as 
the average of individual CADF test statistics across cross-sections, as shown in Equation (7), 
 
 

𝐶𝐼𝑃𝑆 =
1

𝑁
∑𝑡𝑖(𝑁, 𝑇)

𝑁

𝑖=1

 
(7) 

 
where 𝑡𝑖(𝑁, 𝑇) is the individual CADF t-statistic. The null hypothesis (𝐻0) states that all series 
contain a unit root (non-stationary), while the alternative hypothesis (𝐻1) suggests that at 
least some cross-sectional units are stationary. Conversely, failure to reject 𝐻0 implies that 
the variables are non-stationary. By applying the appropriate unit root tests, this study 
ensures that the variables meet the required stationarity conditions. 
 
Empirical Results 
Descriptive Statistics  
Table 2 presents the descriptive statistics for the full sample, while Table 3 and Table 4 provide 
separate summaries for advanced and emerging economies, respectively. The results indicate 
that advanced economies exhibit a higher labor income share than emerging economies, 
alongside greater tax revenue and trade openness. Additionally, globalization index is also 
more pronounced in advanced economies compared to emerging economies, suggesting 
greater integration into global markets. Overall, these tables highlight the economic 
disparities between advanced and emerging economies in terms of income distribution, fiscal 
strength, trade integration, globalization, and macroeconomic stability. 
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Table 2 
Descriptive statistic of variables (All sample) 

Variable  Observation Mean Std. dev. Min Max 

𝑙𝑛𝐿𝐼𝑆  855 3.9492 0.1703 3.0457 4.2557 
𝑙𝑛𝑇𝐴𝑋  855 2.9023 0.3241 2.0413 3.8296 
𝑙𝑛𝑇𝑂  855 4.4642 0.5581 3.0958 6.0807 
𝑙𝑛𝐺𝐼  855 4.3248 0.1232 3.8661 4.4977 
𝑙𝑛𝐿𝐹𝑃  855 4.1076 0.0998 3.7910 4.3477 
𝑙𝑛𝐺𝐷𝑃𝑃𝐶 855 10.4641 0.6476 8.6937 12.0688 
𝑙𝑛𝐶𝑃𝐼𝐺  855 1.4943 0.6824 −1.1242 4.3192 
Source(s): Table by authors. 

 
Table 3 
Descriptive statistic of variables (Advanced economies) 

Variable  Observation Mean Std. dev. Min Max 

𝑙𝑛𝐿𝐼𝑆  510 3.9971 0.1656 3.0457 4.2557 
𝑙𝑛𝑇𝐴𝑋  510 3.0062 0.3143 2.0673 3.8296 
𝑙𝑛𝑇𝑂  510 4.6230 0.5550 3.1390 6.0807 
𝑙𝑛𝐺𝐼  510 4.3860 0.1022 3.8661 4.4977 
𝑙𝑛𝐿𝐹𝑃  510 4.1163 0.0939 3.8687 4.3477 
𝑙𝑛𝐺𝐷𝑃𝑃𝐶 510 10.8793 0.3772 10.0899 12.0688 
𝑙𝑛𝐶𝑃𝐼𝐺  510 1.3136 0.5455 −1.1242 3.0656 
Source(s): Table by authors. 

 
Table 4 
Descriptive statistic of variables (Emerging economies) 

Variable  Observation Mean Std. dev. Min Max 

𝑙𝑛𝐿𝐼𝑆  345 3.8784 0.1517 3.3631 4.1509 
𝑙𝑛𝑇𝐴𝑋  345 2.7488 0.2739 2.0413 3.2583 
𝑙𝑛𝑇𝑂  345 4.2295 0.4742 3.0958 5.2218 
𝑙𝑛𝐺𝐼  345 4.2344 0.0921 3.9893 4.4306 
𝑙𝑛𝐿𝐹𝑃  345 4.0947 0.1068 3.7910 4.2936 
𝑙𝑛𝐺𝐷𝑃𝑃𝐶  345 9.8503 0.4440 8.6937 10.6774 
𝑙𝑛𝐶𝑃𝐼𝐺  345 1.7613 0.7719 −0.9175 4.3192 
Source(s): Table by authors. 

 
Correlation Matrix 
Then, we also presented the correlation matrix in Table 5 until Table 7, showing the 
relationships among the variables used in this study across all samples, advanced economies, 
and emerging economies. In the full sample, lnTAX has a weak and insignificant correlation 
with lnLIS (0.0259), while lnTO shows a significant negative correlation (-0.1191), suggesting 
that greater trade openness is associated with a lower labor income share. lnGI, however, has 
a strong positive correlation (0.4792), indicating that globalization may support labor income 
share. In advanced economies, lnTAX is significantly negative (-0.2248), and lnTO has a 
stronger negative impact (-0.2785), while lnGI remains highly positive (0.6812). In emerging 
economies, lnTAX is insignificant (0.0618), lnTO is negatively correlated (-0.2529), and lnGI is 
also negatively correlated (-0.2045), differing from advanced economies.  
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Table 5 
Pairwise correlation (All sample) 

              𝑙𝑛𝐿𝐼𝑆 𝑙𝑛𝑇𝐴𝑋 𝑙𝑛𝑇𝑂 𝑙𝑛𝐺𝐼 𝑙𝑛𝐿𝐹𝑃 𝑙𝑛𝐺𝐷𝑃𝑃𝐶 𝑙𝑛𝐶𝑃𝐼𝐺 

𝑙𝑛𝐿𝐼𝑆 1.0000       
𝑙𝑛𝑇𝐴𝑋 0.0259 

(0.4498) 
1.0000      

𝑙𝑛𝑇𝑂 −0.1191 
(0.0005) 

0.2405 
(0.0000) 

1.0000     

𝑙𝑛𝐺𝐼 0.4792 
(0.0000) 

0.2302 
(0.0000) 

0.3108 
(0.0000) 

1.0000    

𝑙𝑛𝐿𝐹𝑃 0.0145 
(0.6712) 

−0.1835 
(0.0000) 

−0.0018 
(0.9586) 

−0.1310 
(0.0001) 

1.0000   

𝑙𝑛𝐺𝐷𝑃𝑃𝐶 0.1298 
(0.0001) 

0.2837 
(0.0000) 

0.4082 
(0.0000) 

0.5726 
(0.0000) 

0.2249 
(0.0000) 

1.0000  

𝑙𝑛𝐶𝑃𝐼𝐺 −0.1821 
(0.0000) 

−0.1379 
(0.0001) 

−0.1573 
(0.0000) 

−0.3245 
(0.0000) 

0.0169 
(0.6222) 

−0.1701 
(0.0000) 

1.0000 

Source(s): Table by authors. 

 
Table 6 
Pairwise correlation (Advanced economies) 

       𝑙𝑛𝐿𝐼𝑆 𝑙𝑛𝑇𝐴𝑋 𝑙𝑛𝑇𝑂 𝑙𝑛𝐺𝐼 𝑙𝑛𝐿𝐹𝑃 𝑙𝑛𝐺𝐷𝑃𝑃𝐶 𝑙𝑛𝐶𝑃𝐼𝐺 

𝑙𝑛𝐿𝐼𝑆 1.0000       
𝑙𝑛𝑇𝐴𝑋 −0.2248 

(0.0000) 
1.0000      

𝑙𝑛𝑇𝑂 −0.2785 
(0.0000) 

0.0213 
(0.6312) 

1.0000     

𝑙𝑛𝐺𝐼 0.6812 
(0.0000) 

−0.1889 
(0.0000) 

0.0344 
(0.4382) 

1.0000    

𝑙𝑛𝐿𝐹𝑃 −0.2082 
(0.0000) 

−0.1169 
(0.0082) 

0.0218 
(0.6231) 

−0.2494 
(0.0000) 

1.0000   

𝑙𝑛𝐺𝐷𝑃𝑃𝐶 −0.2975 
(0.0000) 

−0.0153 
(0.7302) 

0.2611 
(0.0000) 

−0.0513 
(0.2473) 

0.4382 
(0.0000) 

1.0000  

𝑙𝑛𝐶𝑃𝐼𝐺 −0.0890 
(0.0446) 

0.0922 
(0.0373) 

0.0017 
(0.9694) 

−0.1465 
(0.0009) 

0.0867 
(0.0504) 

0.0592 
(0.1818) 

1.0000 

Source(s): Table by authors. 

 
Table 7 
Pairwise correlation (Emerging economies) 

 𝑙𝑛𝐿𝐼𝑆 𝑙𝑛𝑇𝐴𝑋 𝑙𝑛𝑇𝑂 𝑙𝑛𝐺𝐼 𝑙𝑛𝐿𝐹𝑃 𝑙𝑛𝐺𝐷𝑃𝑃𝐶 𝑙𝑛𝐶𝑃𝐼𝐺 

𝑙𝑛𝐿𝐼𝑆 1.0000       
𝑙𝑛𝑇𝐴𝑋 0.0618 

(0.2525) 
1.0000      

𝑙𝑛𝑇𝑂 −0.2529 
(0.0000) 

0.3227 
(0.0000) 

1.0000     

𝑙𝑛𝐺𝐼 −0.2045 
(0.0001) 

0.3350 
(0.0000) 

0.3316 
(0.0000) 

1.0000    

𝑙𝑛𝐿𝐹𝑃 0.2384 
(0.0000) 

−0.4433 
(0.0000) 

−0.1387 
(0.0099) 

−0.2460 
(0.0000) 

1.0000   

𝑙𝑛𝐺𝐷𝑃𝑃𝐶 −0.1492 
(0.0055) 

−0.0654 
(0.2254) 

0.2048 
(0.0001) 

0.5636 
(0.0000) 

−0.0042 
(0.9383) 

1.0000  
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𝑙𝑛𝐶𝑃𝐼𝐺 −0.0756 
(0.1611) 

−0.1426 
(0.0080) 

−0.1203 
(0.0254) 

−0.2117 
(0.0001) 

0.0253 
(0.6399) 

0.2070 
(0.0001) 

1.0000 

Source(s): Table by authors. 

 
 As the next step, we also checked for multicollinearity using the variance inflation 
factor (VIF) test to ensure the reliability of our estimates. Multicollinearity arises when 
independent variables are highly correlated, which can distort coefficient estimates, inflate 
standard errors, and weaken statistical inference. The VIF results for all groups are illustrated 
by Table 8. 
 
Table 8 
Variance Inflation Factor results   

Variable Full Sample  Advanced Economies  Emerging Economies 
 VIF 1/VIF  VIF VIF  1/VIF VIF 

𝑙𝑛𝐺𝐷𝑃𝑃𝐶 2.01 0.4978  1.35 0.7398  2.00 0.4989 
𝑙𝑛𝐺𝐼       1.81 0.5527  1.15 0.8726  2.24 0.4467 
𝑙𝑛𝐿𝐹𝑃       1.26 0.7909  1.38 0.7242  1.27 0.7844 
𝑙𝑛𝑇𝑂        1.24 0.8045  1.09 0.9204  1.22 0.8225 
𝑙𝑛𝑇𝐴𝑋       1.19 0.8377  1.08 0.9270  1.56 0.6418 
𝑙𝑛𝐶𝑃𝐼𝐺      1.13 0.8826  1.03 0.9693  1.28 0.7835 
Mean VIF   1.44 -  1.18 -  1.59 - 
Source(s): Table by authors. 

 
 The VIF results in Table 8 confirm that multicollinearity is not a concern, as all VIF 
values are well below the threshold of 5. Advanced economies exhibit the lowest 
multicollinearity, with all VIF values close to 1, while emerging economies show slightly higher 
values, particularly for lnGI (1.90) and lnTAX (1.55). Nonetheless, the mean VIF across samples 
remains low, ensuring that the independent variables do not suffer from significant 
collinearity. 
 
 Next, we conducted panel unit root test to determine the stationarity of the variables. 
However, selecting the appropriate test depends on whether cross-sectional dependence is 
present. If CD is absent, first-generation tests such as Levin-Lin-Chu (LLC) or Im-Pesaran-Shin 
(IPS) are suitable. Conversely, if CD is present, second-generation tests like Pesaran’s CIPS 
should be used. Therefore, Table 9 presents the results of the cross-sectional dependence 
(CD) test, which will guide the selection of the appropriate panel unit root test. 
 
Table 9 
Pesaran cross-sectional dependence (CD) test result 

Sample                Pesaran CD Statistic p-value Decision 

 All sample        3.207 0.0013 CD present 
 Advanced economies   3.906 0.0001 CD present 
 Emerging economies   −1.596 0.1104 No CD 
Source(s): Table by authors. 

 
 Table 9 presents the CD test results, indicating significant CD in the full sample and 
advanced economies, as shown by the Pesaran statistic and low p-values. In contrast, 
emerging economies do not exhibit CD, as the test fails to reject the null hypothesis. These 
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findings suggest that first-generation unit root tests are appropriate for emerging economies, 
while second-generation tests should be used for the full sample and advanced economies to 
account for cross-sectional dependencies. 
 
Panel Unit Root Test Results 
As guided by the outcome from the Pesaran cross-sectional dependence test results, Table 
10 and Table 11 present the CIPS test for the full sample and advanced economies, as they 
account for cross-sectional dependence. Meanwhile, Table 12 illustrates the results of the 
first-generation panel unit root tests (IPS, LLC, ADF, and PP) for emerging economies, where 
no cross-sectional dependence was detected. 
 
Table 10 
Second-generation panel unit root test result (All sample) 

Variable At level First Difference Stationarity 
Constant Trend Constant Trend 

CIPS 
𝑙𝑛𝐿𝐼𝑆  −1.653 −2.069 −3.326*** −3.494*** 𝐼(1) 
𝑙𝑛𝑇𝐴𝑋  −1.651 −2.921*** −3.759*** −3.889*** 𝐼(1) 
𝑙𝑛𝑇𝑂  −1.700 −2.077 −3.062*** −3.304*** 𝐼(1) 
𝑙𝑛𝐺𝐼 −2.216** −2.473 −3.463*** −3.541*** 𝐼(0) 
𝑙𝑛𝐿𝐹𝑃  −1.788 −1.841 −3.059*** −3.365*** 𝐼(1) 
𝑙𝑛𝐺𝐷𝑃𝑃𝐶 −2.375** −2.687** −3.030*** −3.368*** 𝐼(0) 
𝑙𝑛𝐶𝑃𝐼𝐺 −2.572*** −2.878*** −4.207*** −4.304*** 𝐼(0) 
Note(s): ***, **, and * denote significance at the 1%, 5%, and 10% levels. 
Source(s): Table by authors. 

 
Table 11 
Second-generation panel unit root test result (Advanced economies)  

Variable At level First Difference Stationarity 
Constant Trend Constant Trend 

CIPS 
𝑙𝑛𝐿𝐼𝑆  −1.382 −2.420 −3.588*** −3.621*** 𝐼(1) 
𝑙𝑛𝑇𝐴𝑋  −1.736 −2.572* −3.640*** −3.949*** 𝐼(1) 
𝑙𝑛𝑇𝑂  −1.837 −1.719 −2.699*** −3.067*** 𝐼(1) 
𝑙𝑛𝐺𝐼 −2.255** −2.491 −3.497*** −3.540*** 𝐼(0) 
𝑙𝑛𝐿𝐹𝑃  −1.401 −1.940 −3.059*** −3.349*** 𝐼(1) 
𝑙𝑛𝐺𝐷𝑃𝑃𝐶  −2.025 −2.361 −2.808*** −3.093*** 𝐼(1) 
𝑙𝑛𝐶𝑃𝐼𝐺 −2.799*** −3.166*** −4.489*** −4.649*** 𝐼(0) 
Note(s): ***, **, and * denote significance at the 1%, 5%, and 10% levels. 
Source(s): Table by authors. 
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Table 12 
First-generation panel unit root test result (Emerging economies) 

Variable At level First Difference Stationarity 
Constant Trend Constant Trend 

IPS 
𝑙𝑛𝐿𝐼𝑆  −1.9432** −1.7129** −7.3880*** −7.9870*** 𝐼(0) 
𝑙𝑛𝑇𝐴𝑋  −2.2695** −5.2978*** −8.3351*** −8.1712*** 𝐼(0) 
𝑙𝑛𝑇𝑂  −0.8406 −2.8100*** −7.4606*** −7.7059*** 𝐼(1) 
𝑙𝑛𝐺𝐼 0.1558 −0.8412 −7.0734*** −7.9857*** 𝐼(1) 
𝑙𝑛𝐿𝐹𝑃  −1.1585 −5.0991*** −8.0222*** −7.7838*** 𝐼(1) 
𝑙𝑛𝐺𝐷𝑃𝑃𝐶  3.3778 −3.8321*** −8.2377*** −8.7667*** 𝐼(1) 
𝑙𝑛𝐶𝑃𝐼𝐺 −2.8531*** −2.4152*** −7.1583*** −7.9440*** 𝐼(0) 
LLC 
𝑙𝑛𝐿𝐼𝑆  −3.5318*** −3.7100*** −6.5649*** −5.9778*** 𝐼(0) 
𝑙𝑛𝑇𝐴𝑋  −1.3290* −3.9322*** −6.3328*** −4.9776*** 𝐼(0) 
𝑙𝑛𝑇𝑂  −1.7076** −3.8200*** −5.0053*** −2.2777** 𝐼(0) 
𝑙𝑛𝐺𝐼 −8.6170*** −3.7569*** −3.2604*** −2.7670*** 𝐼(0) 
𝑙𝑛𝐿𝐹𝑃  −2.6764*** −3.5245*** −3.5171*** −1.1986 𝐼(0) 
𝑙𝑛𝐺𝐷𝑃𝑃𝐶  −5.3228*** −5.5880*** −5.4590*** −2.9735*** 𝐼(0) 
𝑙𝑛𝐶𝑃𝐼𝐺 −0.4604 −2.6571*** −6.0957*** −4.9717*** 𝐼(1) 
ADF  
𝑙𝑛𝐿𝐼𝑆  3.4695*** 3.5045*** 12.0198*** 8.9200*** 𝐼(0) 
𝑙𝑛𝑇𝐴𝑋  3.1351*** 4.3610*** 15.1317*** 4.3610*** 𝐼(0) 
𝑙𝑛𝑇𝑂  2.8553** 5.6659*** 13.3755*** 8.2852*** 𝐼(0) 
𝑙𝑛𝐺𝐼 4.3289*** -0.0702 5.2551*** 3.7226*** 𝐼(0) 
𝑙𝑛𝐿𝐹𝑃  1.7425** 4.7898*** 16.6978*** 12.3037*** 𝐼(0) 
𝑙𝑛𝐺𝐷𝑃𝑃𝐶  2.5333*** 1.2761*** 9.1646*** 6.1789*** 𝐼(0) 
𝑙𝑛𝐶𝑃𝐼𝐺 3.8128 2.2317** 12.3025*** 7.9083*** 𝐼(1) 
PP 
𝑙𝑛𝐿𝐼𝑆  1.8749** −0.7440 23.4996*** 17.2657*** 𝐼(0) 
𝑙𝑛𝑇𝐴𝑋  7.5490*** 8.9079*** 34.6326*** 24.3820*** 𝐼(0) 
𝑙𝑛𝑇𝑂  2.8892*** 1.1100 22.3211*** 14.0509*** 𝐼(0) 
𝑙𝑛𝐺𝐼 0.2006 −2.2135 21.7114*** 21.3452*** 𝐼(1) 
𝑙𝑛𝐿𝐹𝑃  3.7452*** 12.7012*** 39.5375*** 30.7515*** 𝐼(0) 
𝑙𝑛𝐺𝐷𝑃𝑃𝐶  1.6196** 3.2118*** 28.3207*** 23.7549*** 𝐼(0) 
𝑙𝑛𝐶𝑃𝐼𝐺 7.8197*** 2.7047*** 27.6366*** 20.6932*** 𝐼(0) 
Note(s): ***, **, and * denote significance at the 1%, 5%, and 10% levels. 
Source(s): Table by authors. 

 
 The panel unit root test results from Table 10 to Table 12 reveal mixed stationarity 
properties across different country groups. For the full sample (Table 10) and advanced 
economies (Table 11), the CIPS test indicates that lnLIS, lnTAX, lnTO, and lnLFP are stationary 
at first difference, 𝐼(1). Meanwhile lnGI, lnGDPPC, and lnCPIG are already stationary at level, 
𝐼(0). In contrast, for emerging economies (Table 12), the IPS, LLC, ADF, and PP tests indicate 
that most variables are 𝐼(0), except lnGI and lnCPIG, which are 𝐼(1) in some specifications. 
These findings highlight that different stationarity assumptions must be considered when 
estimating the model, with appropriate handling of 𝐼(1)  variables in the System GMM 
estimation. 
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 Next, we also conducted the Hausman test to compare between the FE and RE models. 
This test assesses whether individual-specific effects are correlated with the regressors, 
where a significant result favours FE model due to potential endogeneity concerns. 
Meanwhile, an insignificant result suggests that RE is more efficient. Although FE may be 
preferred in some cases, it does not account for endogeneity or the dynamic structure of the 
model. This step is essential to justify the need for a more robust estimator like the System 
GMM by testing for the presence of endogeneity.  Besides that, even if the Hausman test 
result favours RE model, the use of System GMM remains necessary to address issues like 
simultaneity, omitted variable bias, and autocorrelation, ensuring more robust and efficient 
estimation. The Hausman test results for FE and RE models are presented in Table 13. 
 
Table 13 
Hausman test of fixed effect model and random effect model result 

 Chi-square statistic p-value 

All sample 30.63 <0.0000 
Advanced economies 84.86 <0.0000 
Emerging economies 11.65 0.0704 
Source(s): Table by authors. 

 
As shown by Table 13, the chi-square statistics for the full sample and advanced 

economies are significant, suggesting that the FE model is preferred over the RE model due 
to potential correlation between regressors and individual effects. However, for emerging 
economies, the p-value (0.0704) is slightly exceeded the 5% significance level, implying that 
the RE model may still be a viable choice. 

 
 Table 14 and Table 15 present the FE and RE model estimates, respectively. Across 
both models, trade openness (lnTO) consistently has a significant negative impact on labor 
income share, with a stronger effect in advanced economies. On the other hand, tax revenue 
(lnTAX) is positively associated with labor income share, particularly in advanced economies 
under the FE model. Similarly, globalization index (lnGI) and labor force participation (lnLFP) 
positively influence labor income share across all samples, though the impact is more 
pronounced in advanced economies. Besides that, GDP per capita (lnGDPPC) exhibits a 
negative effect, especially in advanced economies, indicating that higher economic 
development is associated with a declining labor income share. 
 
Table 14 
Fixed effect model result 

  All sample Advanced economies Emerging economies 

𝑙𝑛𝑇𝐴𝑋𝑖𝑡  0.0545** 
(0.0218) 

0.1398***  
(0.0276) 

0.0067 
(0.0354) 

𝑙𝑛𝑇𝑂𝑖𝑡  −0.2174***  
(0.0193) 

−0.2390***  
(0.0241) 

−0.1620***  
(0.0309) 

ln𝐺𝐼it  1.0849***  
(0.0916) 

1.3909***  
(0.1455) 

0.6707***  
(0.1162) 

𝑙𝑛𝐿𝐹𝑃𝑖𝑡  0.4300***  
(0.0778) 

1.0974***  
(0.1181) 

0.1546 
(0.1014) 

𝑙𝑛𝐺𝐷𝑃𝑃𝐶𝑖𝑡  −0.1606***  
(0.0180) 

−0.3407***  
(0.0250) 

−0.0333 
(0.0264) 
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𝑙𝑛𝐶𝑃𝐼𝐺𝑖𝑡  0.0001 
(0.0037) 

0.0091* 
(0.0046) 

−0.0069 
(0.0053) 

Constant  −0.0169 
(0.4477) 

−2.2415***  
(0.6588) 

1.4122** 
(0.5876) 

Observations  855 510 345 
𝑁  57 34 23 
Notes(s): Standard errors in parentheses. ***, **, and * denote significance at the 1%, 5%, and 10% 
levels. 
Source(s): Table by authors. 

 
Table 15 
Random effect model result 

  All sample Advanced economies Emerging economies 

𝑙𝑛𝑇𝐴𝑋𝑖𝑡  0.0501**  
(0.0208) 

0.0951***  
(0.0258) 

0.0064 
(0.0341) 

𝑙𝑛𝑇𝑂𝑖𝑡  −0.1790***  
(0.0171) 

−0.1657***  
(0.0194) 

−0.1488***  
(0.0284) 

𝑙𝑛𝐺𝐼𝑖𝑡  1.0283***  
(0.0827) 

1.2269***  
(0.1110) 

0.6041***  
(0.1125) 

𝑙𝑛𝐿𝐹𝑃𝑖𝑡  0.3833***  
(0.0731) 

0.8240***  
(0.1070) 

0.1784* 
(0.0962) 

𝑙𝑛𝐺𝐷𝑃𝑃𝐶𝑖𝑡  −0.1281***  
(0.0163) 

−0.2770***  
(0.0236) 

−0.0327 
(0.0254) 

𝑙𝑛𝐶𝑃𝐼𝐺𝑖𝑡  −0.0034 
(0.0036) 

0.0034 
(0.0048) 

−0.0080 
(0.0053) 

Constant  −0.0730 
(0.4206) 

−1.2868**  
(0.5924) 

1.5379***  
(0.5700) 

Observations  855 510 345 
𝑁  57 34 23 
Notes(s): Standard errors in parentheses. ***, **, and * denote significance at the 1%, 5%, and 10% 
levels. 
Source(s): Table by authors. 

Given the Hausman test results, the FE model is more appropriate for the full sample 
and advanced economies, reinforcing the need for estimation techniques that address 
potential endogeneity, such as System GMM. However, for emerging economies, the RE 
model is not rejected at the 5% level, suggesting that time-invariant individual effects may be 
uncorrelated with the regressors. Despite this, System GMM approach remains applicable for 
two key reasons. First, even if the RE model is appropriate, it does not account for potential 
endogeneity arising from reverse causality or omitted variable bias, which GMM estimator 
effectively addresses by using internal instruments. Second, given the dynamic nature of labor 
income share and economic variables, System GMM approach accommodates lagged 
dependent variables and ensures robustness in capturing short-term and long-term 
relationships, making it a superior estimation method regardless of the initial RE preference. 
Therefore, Table 16 illustrate the System GMM estimation results. 
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Table 16 
System GMM estimation result 

  (1) (2) (3) 
  All sample Advanced economies Emerging economies 

𝑙𝑛𝐿𝐼𝑆𝑖,𝑡−1  0.6511***  
(0.1886) 

0.8629***  
(0.1135) 

0.8111***  
(0.1471) 

𝑙𝑛𝑇𝐴𝑋𝑖𝑡  −0.0007  
(0.0182) 

−0.0074  
(0.0111) 

0.0613  
(0.0394) 

𝑙𝑛𝑇𝑂𝑖𝑡  −0.0295**  
(0.0130) 

−0.0120*  
(0.0070) 

−0.0293  
(0.0217) 

𝑙𝑛𝐺𝐼𝑖𝑡  0.3017*  
(0.1757) 

0.1607  
(0.1277) 

−0.0346  
(0.0502) 

𝑙𝑛𝐿𝐹𝑃𝑖𝑡  0.1054**  
(0.0519) 

0.0480  
(0.0417) 

0.1885  
(0.1140) 

𝑙𝑛𝐺𝐷𝑃𝑃𝐶𝑖𝑡  −0.0199  
(0.0135) 

−0.0246*  
(0.0140) 

0.0093  
(0.0128) 

𝑙𝑛𝐶𝑃𝐼𝐺𝑖𝑡  −0.0130***  
(0.0049) 

−0.0094***  
(0.0032) 

−0.0155***  
(0.0050) 

Observations  798 476 322 
𝑁  57 34 23 
Diagnostics p-value     
AR(1)  0.044 0.010 0.017 
AR(2)  0.230 0.516 0.288 
Sargan Test  0.118 0.826 0.433 
Hansen  0.369 0.813 0.511 
Notes(s): Standard errors in parentheses. ***, **, and * denote significance at the 1%, 5%, and 10% 
levels. The AR (1) test, also known as the Arellano-Bond first-order autocorrelation test, examines 
whether the first-order autocovariance in residuals is equal to zero, with the null hypothesis (𝐻0) 
being no autocorrelation. The AR (2) test, also part of the Arellano-Bond test, checks for second-
order autocorrelation in residuals, where the null hypothesis (𝐻0) is no autocorrelation. The Sargan 
test assesses the validity of over-identifying restrictions, with the null hypothesis suggesting that 
the instruments are valid, and the Hansen test, which is robust to heteroscedasticity, evaluates 
whether the instruments are correctly specified. 
Source(s): Table by authors. 

 
 Column (1) in Table 16 presents the System GMM estimation results for all samples of 
our study. It can be observed that, most of the coefficients are significant, except for taxation 
and GDP per capita. However, the subsample estimation of advanced economies and 
emerging economies represented by column (2) and column (3) shows lack of statistical 
significance of the estimated coefficients. Nonetheless, a few insights can still be drawn from 
these results. For instance, the System GMM estimation results highlight the persistence of 
labor income share across all samples, as indicated by the significant and positive coefficient 
of 𝑙𝑛𝐿𝐼𝑆𝑖,𝑡−1 . Additionally, trade openness ( 𝑙𝑛𝑇𝑂𝑖𝑡 ) negatively affects LIS, though its 
significance varies across samples, it is not significant in emerging countries. Nonetheless, this 
reinforces the hypothesis that increased trade can reduce labor’s share of income. On the 
other hand, taxation (𝑙𝑛𝑇𝐴𝑋𝑖𝑡) exhibits an insignificant effect across all samples, suggesting 
that its impact on LIS is either weak or offset by other structural factors.  
 
 Turning to control variables, globalization index (𝑙𝑛𝐺𝐼it) positively influences labor 
share of income in the full sample but loses significance in subsamples, indicating 
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heterogeneous effects across economies. Similarly, labor force participation (𝑙𝑛𝐿𝐹𝑃𝑖𝑡 ) is 
significant only in the full sample, indicating that its effect on LIS operates at a broader labor 
market level rather than within specific economic groups. In contrast, inflation (𝑙𝑛𝐶𝑃𝐼𝐺𝑖𝑡) 
consistently reduces LIS across all estimations, highlighting the persistent role of cost-push 
pressures in eroding labor’s share of income. These findings underscore the varying influence 
of macroeconomic factors on LIS, depending on a country’s economic structure and 
development stage. 
 
 To ensure model validity, we also report several diagnostic results namely AR(1) test, 
AR(2) test, Sargan test and Hansen test. Overall, the diagnostic tests confirm model validity 
across all sample. The AR(1) test results show significant p-values across all sample, indicating 
the presence of first-order autocorrelation, as the null hypothesis of no autocorrelation is 
rejected at the 5% significance level. This suggests that there is a correlation between the 
errors of consecutive periods, which is expected when working with panel data and dynamic 
models. In contrast, the AR(2) test results exhibit p-values of 0.230, 0.516, and 0.288, which 
are all above the 5% significance level, implying that there is no second-order autocorrelation 
in the residuals across all samples. Next, the Sargan test results also yielded an insignificant 
p-value for the three groups, indicating that the instruments used in the models are valid and 
do not suffer from over-identification, as the null hypothesis of valid instruments is not 
rejected. Similarly, the Hansen test results with p-values of 0.369, 0.813, and 0.511 suggest 
that the instruments are correctly specified and valid for all samples. These findings justify 
the use of System GMM in addressing endogeneity concerns while capturing the dynamic 
nature of labor income share. 
 
Discussion 
The labor income share is influenced by its previous distribution and structural economic 
factors. This can be observed from the fact that the coefficients of the lagged dependent 
variable are consistently positive and significant in all sample and subsample of advanced and 
emerging economies in Table 16. The result is consistent with previous works that used a 
dynamic panel model and found that the level of labor share tends to increase the lagged 
value through a positive term (Erauskin, 2020; Ghodsi et al., 2024; Yeerken and Deng, 2023). 
Given these observations, it appears that historical patterns of labor income distribution 
exerts large power over current labor income share levels. This persistence is consistent with 
structural labor market rigidities, institutional wage-setting mechanisms, and the bargaining 
power of workers, all of which tend to perpetuate income distribution trends. From an 
economic perspective, these findings align with the idea that reallocations in the labor market 
take place slowly rather than abruptly and therefore underline the relevance of long-term 
scales as a tool for policy to impact labor share dynamics. Moreover, the significant parameter 
estimation for the lagged term of labor income share serves to justify utilization of dynamic 
modelling techniques, as neglecting to account for this persistence could result in biased 
estimates. 
 
 Another crucial finding outlined by the System GMM estimation is that, trade 
openness and labor income share showed a significant negative relationship with labor 
income share. This finding is consistent for the full sample and subsample of advanced 
economies. As for the emerging economies, our estimation did not capture any significant 
result. Nonetheless, the observed positive link between trade openness and the labor’s share 



INTERNATIONAL JOURNAL OF ACADEMIC RESEARCH IN ECONOMICS AND MANAGEMENT SCIENCES 
Vol. 1 4 , No. 3, 2025, E-ISSN: 2226-3624 © 2025 

83 

of income is in line with several literatures discussed before (Autor et al., 2016; González-
Rozada and Ruffo, 2024; Gupta and Helble, 2018). Besides that, this outcome can also be 
justified with economic theory. For example, the Stolper-Samuelson theorem suggests that 
increased trade openness can lead to a decline in the relative returns to the factor that is 
relatively scarce in a country. In developed economies, this often refers to unskilled labor, 
resulting in a decrease in their income share. Additionally, trade openness can increase 
competition by putting downward pressure on wages, especially for low-skilled workers 
(Brutger and Guisinger, 2022). This effect is most pronounced in industries exposed to 
international competition, where workers experience greater employment instability and 
wage pressures. However, according to Omoke and Opuala–Charles (2021), trade openness’s 
effect on labor income share can be avoided through increases in institutional quality and 
governance. This is because, countries with better institutions can better use the gains from 
trade openness to growth enhancing activities, which may offset some of these negative 
effects on labor income share. Besides that, policies that promote human capital 
accumulation and address structural discrimination can help workers adapt to the challenges 
posed by increased trade openness and minimize its negative impact on labor income share 
(Fatima et al., 2020). Given this, policymakers must focus on strengthening institutional 
quality, improving governance, and investing in human capital to mitigate the adverse effects 
of trade openness on labor income share, particularly for low-skilled workers in advanced 
economies. 
 
 In contrast, globalization shows a positive and significant relationship with the labor 
income share, but only in the full sample estimation. Though this contradicts with some prior 
research (Sertyesilisik, 2022; Young and Tackett, 2018), it is still in line with the work by Doan 
and Wan (2017), Erkişi and Çetin (2025) and Paul (2020). This indicate that globalization can 
have a positive relationship with labor income share, although this is not always the case. In 
one perspective, globalization can enhance labor productivity through technology transfer 
and knowledge spillovers. Consequently, this could potentially lead to higher wages (Samimi 
and Jenatabadi, 2014). As countries open up to international trade and foreign direct 
investment (FDI), they gain access to advanced technologies and management practices, 
which can improve worker efficiency and output. This increased productivity may translate 
into higher wages, especially if workers have strong bargaining power or if there is a shortage 
of skilled labor. However, it is important to note that the relationship between globalization 
and labor income share is complex and context dependent, as can be seen from the mixed 
findings of previous literatures. To conclude, globalization can increase labor income share in 
potential due to productivity effects and technology transfer, but the outcomes essentially 
depend on contexts. Factors such as a country's income level, education system, financial 
development, and labor market institutions play crucial roles in determining whether the 
benefits of globalization translate into higher labor share of income. Hence, to maximize the 
positive effects of globalization on labor income share, policymakers should focus on 
complementary policies that enhance human capital, strengthen financial Systems, and 
ensure fair labor practices. 
 
 Moving on, there are several crucial insights into the broader economic context that 
affect the labor income share. This can be observed through the control variables, namely 
labor force participation, economic growth and inflation. To start, the positive association 
between labor force participation and labor income share, across all estimations, signals that 
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increased labor force participation is associated with a higher proportion of income allocated 
to labor. However, our findings did not reveal a significant positive relationship for the sub-
sample estimations, suggesting that its significance may vary depending on the specific 
economic context. Even so, this may reflect an augmented supply of workers, which can 
potentially drive wage growth. Moreover, the positive link between labor force participation 
and the share of labor income is also in line with economic theory. For instance, the 
neoclassical framework proposes that increased labor force participation can lead to a higher 
labor income share by expanding the labor supply and potentially increasing competition for 
jobs. This can result in upward pressure on wages, especially in tight labor markets (Binder 
and Bound, 2019). Hence, this upward pressure on wages would, in turn, raise the labor 
income share. 
 
 The negative relationship between GDP per capita and labor income share in 
advanced economies reveals that higher income per capita is linked to structural changes in 
income distribution, driven by increasing capital intensity and automation. Unlike emerging 
economies, where growth often relies on labor-intensive industries, advanced economies 
undergo a transition toward high-tech sectors and capital-deepening processes. Higher GDP 
per capita in general is correlated positively with higher productivity and economic growth, 
but a greater part of the gains goes to capital than to labor. As firms invest more in automation 
and technology-driven production, the relative demand for labor, particularly for routine and 
low-skilled jobs, declines. As a result, this would lead to weakening workers’ bargaining power 
and thus reducing labor’s share of income. This phenomenon is consistent with Nicholas 
Kaldor’s (1975) stylized facts and capital accumulation theory, which suggests that economic 
growth tends to be associated with rising capital intensity. Thus, leading to a greater share of 
national income flowing to capital rather than labor. This is true because, as capital 
accumulates, businesses would most likely prioritize investments in machinery and 
technology. Such strategy would boost productivity and simultaneously enhances output, but 
this does not necessarily ensure equal increases in labor payments. Consequently, the labor 
income share declines as a growing proportion of national income is distributed to capital 
owners instead of workers. 
 
 The consistently negative and significant relationship between consumer price 
inflation and labor income share across all estimations highlights the adverse impact of 
inflation on labor’s share of national income. This finding implies that rising inflation erodes 
the purchasing power of wages, disproportionately affecting labor compensation relative to 
capital income. In inflationary environments, firms may pass increased costs onto consumers 
while limiting wage adjustments, leading to a decline in real wages and a shrinking labor 
income share. This effect is particularly pronounced in emerging economies, where weaker 
labor market institutions and limited wage indexation mechanisms make it more difficult for 
workers to negotiate wage increases in response to rising prices. Moreover, the erosion of 
real wages due to inflation aligns with the wage-lag hypothesis, which posits that wages tend 
to adjust more slowly than prices, causing labor income to decline in relative terms. 
Additionally, higher inflation may incentivize firms to substitute labor with capital, as an effort 
to maintain profit margins, further reducing labor’s share of income. Notably, the consistent 
negative impact across both advanced and emerging economies underscores the importance 
of inflation-targeting policies and wage-setting mechanisms that protect workers from the 
redistributive effects of inflation. 
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Based on the estimation results presented in Table 16, both advanced and emerging 
economy sub-sample estimations are not statistically significant compared to full sample 
results. This could be attributed to several reasons. Firstly, even within the classifications of 
advanced and emerging economies, some countries might not belong to their respective 
groups due to differing economic structures. This issue arises because not all countries within 
these groups share the same level of development or similar economic characteristics. Take 
for example, following the International Monetary of Funds (IMF), China is classified under 
emerging economies, while Macau is considered an advanced economy despite being a 
Special Administrative Region of China. Such broad classifications may fail to account for 
substantial structural and institutional differences within these groups. Such misclassification 
may provide an undue impression of the influences of important variables, which may help 
to explain any non-significant results observed in the subsample analysis. Consequently, 
grouping countries in these categories for analysis may lead to over-simplification, hiding the 
real impact of certain key variables like tax revenue or trade openness. Secondly, while 
previous studies have included tax as a determinant of labor income share (Acemoglu et al., 
2020; Heer et al., 2023; Kaymak and Schott, 2023; Li et al., 2021, 2024), it may not have an 
immediate effect. In other words, taxation might have a lagged effect on labor income share, 
which could possibly explain why the current model is unable to detect its significance. Hence, 
future research could benefit from testing alternative model specifications, that is by 
including lagged tax variables. Thirdly, the large informal sector in many emerging economies 
could also be a key factor. Many workers in these economies are employed in informal jobs, 
where labor policies and taxation often have limited direct impact. This structural 
characteristic may prevent the current model from accurately measuring the effects of 
taxation and labor policies on labor income share in emerging economies. Therefore, a more 
nuanced investigation, accounting for the informal sector and other country-specific factors, 
is necessary to better understand the dynamics of labor income share in these economies.  

 
Conclusion 
The findings of this study highlight the persistent nature of labor income share, reinforcing 
the role of historical income distribution patterns, institutional factors, and labor market 
rigidities in shaping current trends. The significant negative relationship between trade 
openness and labor income share in advanced economies suggests that increased trade 
exposure intensifies competition, particularly in low-skilled sectors, thereby reducing labor’s 
share of national income. However, the lack of significance in emerging economies calls for a 
more granular analysis, particularly given the prevalence of informal labor markets, which 
may dampen the direct effects of trade and taxation policies. The positive association 
between globalization and labor income share in the full sample support the idea that, under 
certain conditions, globalization can enhance labor compensation through productivity gains 
and technology spillovers. From a policy perspective, strengthening institutional quality, 
enhancing governance, and investing in human capital development are crucial to mitigating 
the adverse effects of trade liberalization on labor income share. For emerging economies, 
addressing labor market informality and improving tax enforcement mechanisms are 
essential to ensuring that fiscal and trade policies effectively influence labor income 
distribution. Furthermore, given the potential lagged effects of taxation on labor share, future 
research should explore alternative model specifications to capture its long-term impact. 
Ultimately, policymakers should adopt a comprehensive and context-specific approach, 
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ensuring that trade, fiscal, and labor policies are tailored to the unique economic structures 
of both advanced and emerging economies. 
 
 This study is not without its limitations. One key shortcoming of this paper is due to 
limited data availability, which restricts our analysis to a smaller sample of countries and a 
shorter time-period. Hence, future research is recommended to expand the data coverage. 
This can be done by including broader set of countries, particularly those of emerging 
economies. Besides that, it is also recommended to consider various sub-clusters of countries, 
such as low-income, middle-income, and high-income countries. By doing so, this could 
provide deeper insights into how labor income share responds to different economic 
structures and stages of development.  
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